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Toxicity Prediction Based on Artificial Intelligence and the Internet Era
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Abstract With the continuous using compounds contained in commodities, there is growing concern about their
harm to human and ecological environment safety. In the past few years, computational techniques have showed their
potential to predict toxicity of compounds. Here, we summarize the advantages and drawbacks of machine learning
and deep learning algorithms for establishing toxicity prediction models, and systematically review the freely
accessible toxicity prediction web servers for in silico toxicity prediction in the past three years. Additionally, the
opportunities and challenges of toxicity prediction based on artificial intelligence and internet are discussed. It is

hoped that this paper can provide help in guiding people to rationally choose algorithms and web servers for modeling
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and toxicity evaluation.
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Fig.1 Comparison between traditional machine learning algorithm and deep learning algorithm
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Tab.2 Online toxicity prediction server based on artificial intelligence algorithm
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